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Abstract:This article proposes a light field depth restoration method based on sparse Bayesian learning, which addresses the
boundary blurring and artifact problems of traditional methods in occluded scenes. By establishing a hierarchical probability
model, the occlusion problem is transformed into a sparse signal restoration task. This method utilizes adaptive sparse
constraint learning and Bayesian inference mechanism to automatically identify and filter out occlusion noise while maintaining
effective depth information. It achieves a reduction in depth estimation error in complex occlusion scenes, demonstrating
excellent edge preservation ability and robustness, providing a new technical solution for 3D perception of light field cameras,
virtual reality, autonomous driving and other applications.
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